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Abstract
Biological invasions are most effectively managed when identified in their early stages, which often hinges 
on robust surveillance programs. The recent invasion of the European grapevine moth (Lobesia botrana) 
in California suggests that viticultural areas in the western United States may face severe economic conse-
quences from this and other Tortricid and Pyralid moth species if they were to establish. To gain insights 
into the risk these grapevine pests pose, we used occurrence records for L. botrana and four other moths 
native to Europe or the eastern United States and selected environmental variables to predict the extent 
of climatically suitable areas and potential pest co-occurrence along the West Coast of the United States. 
A suite of models was generated using MaxEnt with species-specific tuning of model settings. Overall, 
the results confirmed high suitability for L. botrana to establish across much of the study region, driven 
largely by high monthly variability in precipitation and low elevation. Two species were predicted to have 
intermediate suitability to establish over the study region (i.e., grape tortrix moth, Argyrotaenia ljungiana; 
grape berry moth, Paralobesia viteana), while two others had low suitability (i.e., European grape berry 
moth, Eupoecilia ambiguella; Christmas berry webworm, Cryptoblabes gnidiella). The highest predicted 
potential for co-occurrence was between L. botrana and P. viteana, accounting for 19% of the total viti-
culture area, followed by L. botrana and A. ljungiana for 11% of the study area. These results may help 
with the optimization of surveillance efforts by indicating which species or areas should be prioritized for 
the deployment of invasive pest detection programs with pheromone traps. Indeed, given the apparent 
potential for co-occurrence of multiple moth pests in certain areas, our results may inform where single or 
multi-lure traps should be deployed as a more cost-efficient monitoring tool.
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Introduction

Invasive species are a significant threat to global biodiversity (Richardson et al. 2000; 
Gurevitch and Padilla 2004) that can have detrimental effects on other species and 
economic productivity (Meyerson et al. 2019; Shackleton et al. 2020). Human-me-
diated mechanisms of pest invasions, which include the introduction of pest species 
into new environments, naturalization, and further spread disturb many native species 
through predation, competition for limited resources, transmission of pathogens, and 
disruption of behavioral processes (Pyšek and Richardson 2010; Hoffmann and Cour-
champ 2016). For agroecosystems, invasive species may precipitate increased costs and 
substantial production and revenue losses (Paini et al. 2016; Savary et al. 2019). As a 
result, government agencies and industry groups devote enormous resources to iden-
tifying and eradicating established invasive species. However, invasive species manage-
ment is most efficiently achieved during the initial stages of an invasion, when invader 
abundance is low (Simberloff et al. 2013; Bradley et al. 2019). Further research is 
needed to expedite robust responses to invasive species arrival (Leung et al. 2002).

Biological invasions in the United States cost more than $100 billion annually 
and are increasing in frequency (Pimentel et al. 2005; Simberloff et al. 2013; Meyer-
son et al. 2019; Crystal-Ornelas et al. 2021). According to the United States Animal 
and Plant Health Inspection Service (APHIS; https://www.aphis.usda.gov/), invasive 
insects have caused significant losses to the US environment and economy, particularly 
with respect to native forests and a wide range of annual and perennial crops. Such 
effects may be pronounced in states with large agricultural enterprises, such as Cali-
fornia. Between 1990 to 2010, it is estimated that approximately 10 exotic arthropod 
species were introduced into California each year, 20% of which became significant 
pests (Dowell et al. 2016). This represents a 62% increase in introductions compared 
to 1970–1989 despite more rigorous border controls and monitoring programs, rein-
forcing the need for additional research to anticipate the arrival and ultimate impact 
of invasive species.

A recent invader of particular importance to California’s wine, raisin, and table 
grape industry is the European grapevine moth (EGVM), Lobesia botrana (Lepidop-
tera: Tortricidae) [Denis & Schiffermüller]; one of several Lepidopteran agricultural 
pests that have proven capable of rapid geographic range expansion (Suckling et al. 
2017). This phytophagous species uses multiple plant species but particularly cultivat-
ed grapevines, where its larvae feed on flowers and grape berries, causing direct damage 
and introducing fungal rots, which can dramatically reduce yields (Delbac and Thiéry 
2016). Although the native range of EGVM includes much of Europe, it has success-
fully invaded other regions, such as western and northern Africa (Ioriatti et al. 2012; 
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Lucchi and Scaramozzino 2022) and grape-growing regions in the Americas, including 
Chile, Argentina, and the United States (Varela et al. 2010; Gilligan et al. 2011).

In the United States, EGVM was first detected in California in late 2009 (Gilligan 
et al. 2011). Following initial detections in select areas of Napa County, more exten-
sive monitoring showed it had spread to several surrounding areas. In 2010, more 
than 100,000 male moths were caught on nearly 4,000 pheromone traps. EGVM 
was ultimately recorded in 11 counties in Northern and Central California, up to 
approximately 300 km from where it was initially detected (Simmons et al. 2021). In 
response, an eradication program was established that included state-wide monitoring 
with pheromone traps, insecticide treatments, mating disruption, and a regulatory 
control program. Subsequently, sharp declines in EGVM captures were seen over the 
next few years to the point that it was declared eradicated in 2016, following two years 
without any detections (Schartel et al. 2019; Simmons et al. 2021).

As part of a larger study evaluating the factors that contributed to the successful 
eradication of EGVM in California, Schartel et al. (2019) used occurrence records 
from the state-wide monitoring program to develop a suite of habitat suitability mod-
els for EGVM in Napa County. The results showed select climatic, landscape, and 
anthropogenic variables explained observed patterns in EGVM occurrence, but gen-
erated uncertainty regarding EGVM suitability in the study region, perhaps due to 
confounding effects of generating suitability estimates during an eradication program 
(Schartel et al. 2019). Moreover, occurrence records from the program data were in-
sufficient to evaluate suitability for EGVM in other areas of California, let alone for 
viticultural areas in neighboring states along the West Coast. Thus, while EGVM is 
considered a threat should it be reintroduced into the region, questions remain about 
the magnitude of that risk and the specific locations most likely to be affected.

EGVM is only one of several moth pests of grapevines with the potential to be 
highly destructive. Other species in the families Tortricidae and Pyralidae have proven 
to be significant pests in other viticultural regions (Ioriatti et al. 2012; Isaacs et al. 
2012), and are considered high risk by the California grape industry (Napa County 
California 2022) or have been included as priority targets by the national Cooperative 
Agricultural Pest Survey (2022). These species may threaten vineyards along the West 
Coast of the United States should they be introduced: grape tortrix moth (GTM); 
Argyrotaenia ljungiana (Lepidoptera: Tortricidae) [Thunberg]), grape berry moth 
(GBM); Paralobesia viteana (Lepidoptera: Tortricidae) [Clemens]), European grape 
berry moth (EGBM); Eupoecilia ambiguella (Lepidoptera: Tortricidae) [Hübner]), and 
Christmas berry webworm (CBW); Cryptoblabes gnidiella (Lepidoptera: Pyralidae) 
[Millière]). EGBM, GTM and CBW occur naturally in Europe (similar to EGVM) but 
have invaded portions of Asia, Africa and Oceania (Ostrauskas et al. 2008; Ioriatti et al. 
2012). Meanwhile, GBM is native to central and eastern United States, where it shows 
high fidelity to wild and cultivated grapes, causing significant yield losses (Botero-Gar-
cés and Isaacs 2003; Isaacs et al. 2012). Damage to grapevines varies among species but 
is generally a function of larval infestation levels that are themselves influenced by char-
acteristics of the grapevine (e.g., cultivar) and climatic conditions that influence moth 
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phenology and voltinism (Ioriatti et al. 2012). Direct damage from larval feeding can 
result in minor to extensive reduction in fruit yields, and can facilitate fungal infections 
or secondary pest infestations (Moschos 2006; Ioriatti et al. 2012; Isaacs et al. 2012).

Monitoring using pheromone-baited traps is commonly employed for pest manage-
ment, and for early detection of invasive insects (McNeil 1991; Vacas et al. 2011). Main-
taining long-term surveillance programs for high-risk pests is costly, but the costs of 
missing the detection of a newly arrived pest may quickly exceed surveillance costs if the 
new pest is allowed to spread beyond a point where eradication is feasible (Chase et al. 
2018). Hence, there is a need to prioritize the placement of traps in areas that are most 
conducive to pest establishment so that the limited resources available for pest detection 
are optimized. Yet, current knowledge gaps regarding the invasive potential of EGVM 
and these other grape pest moths hamper optimization of those surveillance programs.

We gathered occurrence records from the native and invaded ranges of five high-
risk lepidopteran pests of grapevines and selected a number of environmental variables 
to quantify invasion risk along the West Coast of the United States (Cooperative Agri-
cultural Pest Survey 2022; Napa County California 2022) (Suppl. material 1: fig. S1). 
The goals of these analyses were to a) estimate the overall invasive potential of each 
species throughout viticultural areas in the Western United States, b) identify those 
locations most at risk to the establishment of each species and the environmental con-
ditions that underlie them, and c) identify areas where multiple moth species are likely 
to co-occur if introduced. Although none of these species currently occur in the re-
gion, the threats posed by their introduction, and the potential for multiple species to 
establish in the same region, warrant further investigation to inform implementation 
of early detection and surveillance efforts (Cooper et al. 2014; Simmons et al. 2021).

Methods

Study region and focal species

We focused on the invasive potential of five grapevine pests (EGBM, EGVM, GBM, 
GTM, and CBW) in grape-growing regions along the West Coast of the United States, 
in portions of California, Oregon, and Washington (5–40°N, 70–118°W; Suppl. mate-
rial 1: fig. S1). Overall, the study region represents a substantial portion of the high-value 
grape acreage in the United States and is the only region where one of these moth pests 
has successfully invaded (Gilligan et al. 2011). Moreover, states along the West Coast 
include many pathways that could contribute to pest arrival and spread (Dowell et al. 
2016). The West Coast covers approximately 835,905 km2 and has a wide variety of 
physiographic characteristics. The climate varies across the study region, but overall, 
the region receives most precipitation during the winter months (Neiman et al. 2008). 
Most grape-growing regions have been officially classified into American Viticulture Ar-
eas (AVAs), which are established by the Alcohol and Tobacco Tax and Trade Bureau 
under the US Department of the Treasury. Shapefiles of AVAs were obtained from the 
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American Viticultural Area Project at the University of California-Davis (https://github.
com/UCDavisLibrary). We supplemented California AVAs boundaries with California 
Department of Water Resources (DWR) polygons depicting 2016 wine-grape grow-
ing vineyards (https://gis.water.ca.gov), which included wine, raisin and table grapes 
areas. The boundaries of DWR polygons were dissolved and a 10 km radius buffer was 
added to grape-growing locations to capture newly established vineyards (since 2016) in 
the immediate vicinity. Then, these supplemental vineyards were joined with the AVAs 
boundary polygons to create a final GIS-referenced shapefile of viticultural areas in the 
study region, which encompassed 21.4% (178,922 km2) of the West Coast of the United 
States. All study analyses were conducted with the R statistical language V 4.2.2 (R Core 
Team 2022) and ArcGIS Pro 3.0.1 (ESRI Redlands, CA, USA). Country-level shapefiles 
were obtained from the Database of Global Administrative Areas (https://gadm.org).

Occurrence datasets and predictor variables

Risk assessments based on extrapolations of species distribution model (SDM) predic-
tions to regions and periods different from the conditions used to calibrate the model 
(i.e., model transferability) are effective for pest management and species conservation 
planning (Heikkinen et al. 2012; Barbet-Massin et al. 2018). It is recommended that 
species occurrences in both native and non-native ranges be used when developing 
SDMs to assess invasion risk in newly invaded or at-risk regions (Jiménez-Valverde et 
al. 2011; Peterson 2011; Jarnevich et al. 2022).

We downloaded occurrence data for all five pest species in their native and other in-
vaded ranges from 1960 to the present date from the Global Biodiversity Information 
Facility (GBIF; www.gbif.org; Suppl. material 1: figs S2–S6). For EGVM occurrences 
we also included records from its invasion into Napa County (Schartel et al. 2019). 
Regarding GBIF records, we only considered those provided by 1) official institutions 
and biological collections and 2) data citizen science platforms only when the species 
ID was previously confirmed by specialists. Then, occurrence datasets were cleaned by 
checking for typos, removing unreferenced records, cross-checking geographic coordi-
nates, and removing coordinates with a geographic inaccuracy > 10000 m. A collection 
of background points to specific areas was generated by buffering known occurrences 
in pest native and non-native ranges with a 50 km radius buffer (i.e., calibration areas). 
The final number of background points differed among species because of the differ-
ent sizes of the calibration areas and corrections for sampling bias. To reduce the effect 
of spatial autocorrelation in both occurrence and background datasets, we excluded 
points that were separated by a distance < 1 km. Final presence-only datasets consisted 
of 467 occurrence records for EGBM, 459 for EGVM, 54 for GBM, 644 for GTM, 
and 121 for CBW. Final background datasets consisted of 12331 background points 
for EGBM, 6741, for EGVM, 3125 for GBM, 14991 for GTM, and 1784 for CBW.

All 19 BIOCLIM variables (Booth et al. 2014) and the global elevation layer were 
downloaded from WorldClim 2.1 (Fick and Hijmans 2017; https://www.worldclim.
org/), along with 12 of the 14 environmental raster layers from ENVIREM (Title 
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and Bemmels 2018; https://envirem.github.io/). All raster layers were downloaded at 
5 min spatial resolution (Suppl. material 1: table S1). Multicollinearity among predictors 
at moth occurrence and background locations was assessed by estimating the variance 
inflation factor (VIF) with the R package ‘usdm’ 1.1–18 (Naimi 2015) . Specifically, we 
excluded from our analysis highly correlated variables using a VIF threshold of 0.7.

Species distribution modeling

Here, we provide an overview of our climatic suitability modeling methodology fol-
lowing the ODMAP (Overview, Data, Model, Assessment, and Prediction) protocol 
for species distribution models (Zurell et al. 2020). Specific methodological details 
for all ODMAP sections are presented as supplementary material (Suppl. material 1: 
table S2). We used the MaxEnt algorithm (Phillips et al. 2006) with species-specific 
tuning of model settings implemented through the R package ‘ENMeval’ 2.03 (Kass 
et al. 2021) to generate continuous predictions of climatic suitability across the native 
and invaded range (e.g., Zeng et al. 2016; Zumbado-Ulate et al. 2022). The follow-
ing settings were used to parametrize and generate 16 candidate models for each spe-
cies: algorithm = maxent.jar; partition method = block; regularization of multiplier 
values = 1–4 with increments of 1; feature classes = L, H, Q, LQH; where L = Linear, 
H = Hinge, Q = Quadratic, Clamping = True.

Model selection was conducted using the highest average of the area under the 
curve of the receiver-operating characteristic (‘AUC mean’), the standardized true skill 
statistic (sTSS), and the average of the 10-percentile training omission rate (‘10.or.pt 
mean’). For selected models, we estimated the percent contribution of each selected 
abiotic predictor and generated response curves by comparing the probability of each 
pest species’ presence relative to each abiotic predictor (Elith et al. 2006; Syfert et al. 
2013). The Boyce index (Boyce et al. 2002), and the slope of the regression of the re-
sponse variable on the logit of predicted probabilities according to Miller’s calibration 
statistics (Miller et al. 1991) were estimated to evaluate how much model predictions 
differed from the random distribution of the observed presences across the prediction 
gradients and extrapolation of our predictions outside the training data.

Species co-occurrence

To identify areas that may be susceptible to the establishment of multiple moth species, 
we used two alternative thresholds to generate binary predictions (raster absence-pres-
ence maps) of the potential range of each species across the study region. Binary predic-
tions were transformed into polygons to quantify the extent of climatically suitable areas 
(ESH; Brooks et al. 2019) of each species in square kilometers (km2). Specifically, we 
used the 10-percentile lowest omission rate logistic threshold (10.or.pt; Radosavljevic 
and Anderson 2014), which excludes those occurrence points with suitability in the low-
est 10 percentile, and the maximum training sensitivity plus specificity logistic threshold 
(maxSS), which performs an overall true occurrence prediction (Liu et al. 2005). This 
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approach allowed us to quantify ESH across the study region under two scenarios with 
different degrees of conservativeness: 1) removing only the 10 percent of the localities 
having the lowest predicted values of climatic suitability, or 2) maximizing the true 
positive prediction, resulting in a more restricted definition of climatically suitable areas.

To identify areas of co-occurrence, binary predictions were combined into a single 
raster. Because the binary predictions only had values of zero and one, the resulting 
cumulative raster displayed values between zero (no pest species predicted to occur in a 
pixel) and five. Then, this cumulative raster was transformed into a polygon to estimate 
the potential co-occurrence of multiple species, from two to five species. To calculate 
ESH we transformed the projected coordinate system of binary predictions and AVAs 
from WGS84 to NAD 1983 Albers contiguous USA (ESRI 102003).

Finally, a principal component analysis (PCA) was generated to visualize the envi-
ronmental space where multiple pest species are predicted to overlap. For this, we selected 
the ten predictors with highest contributions to the SDMs (Table 1) and simulated 1000 
pseudo-occurrences for each study species across the environmental space by generating 
1000 random points throughout their climatically suitable areas based on the binary pre-
dictions built with the 10.or.pt threshold. All pseudo-occurrences were spatially filtered 
using a distance of 10 km. Remaining pseudo-occurrences were transformed into cell 
centroids in grids of 10 km2 resolution. This method allowed us to generate a weighted 
sample size for each pest species according to their ESH and full environmental space.

Results

One preferred model was identified for each species (Suppl. material 1: table S3) from 
the total set of candidate models (5 species, 80 total models). Selected models varied 
in feature classes (L, Q, and LHQ), and four of them scored the highest AUC with 
the regularization multiplier at 1. Overall, both independent and dependent threshold 
evaluation metrics (Suppl. material 1: table S3) showed that the most robust model 
for each species exhibited a good fit and performed better than random models: AUC 
mean values between 0.71 and 0.89, sTSS values between 0.66 and 0.82, and low 
omission rates (10.or.pt mean values between 0.01 and 0.1). Similarly, the Boyce Index 
values (between 0.90 and 0.98), and the slope of Miller Calibration statistics (between 
0.6 and 1) showed that model predictions were consistent with the distribution of pres-
ences in the evaluation dataset and transferred efficiently into a new geographic area.

Sixteen abiotic predictors were retained among the five models selected (Table 1). 
Elevation was the only predictor featured in all five species models, but mean diurnal 
range, precipitation seasonality, precipitation of the warmest quarter, minimum tem-
perature of the warmest month, mean monthly potential evapotranspiration of driest 
quarter, and monthly variability in potential evapotranspiration appeared in four of the 
selected models. In general, the percent contribution of each selected abiotic predictor 
matched the percent of permutation importance of each selected abiotic predictor, but 
with some inconsistencies that may be attributable to modest multicollinearity (Table 1).
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Of the five focal species evaluated, the area estimated to be moderate to highly cli-
matically suitable for establishment was highest for EGVM, especially along the coast-
line, in western and central areas of Washington and Oregon, and central regions of 
California (Fig. 1A, B). The two abiotic predictors with the strongest contribution to 
EGVM model predictions (Table 1) were seasonal precipitation (58%) and elevation 
(13%). The highest predicted suitability (0.9) occurred in areas with the high monthly 
variability in precipitation, and climatic suitability decreased rapidly as elevation in-
creased from a maximum of 0.4 near sea level (Suppl. material 1: fig. S7). The ESH 
varied between 36 and 65% of the total viticultural area in the study region, depending 
on which threshold was considered (Table 2).

Climatic suitability was relatively moderate throughout the study region for two 
pest species. For GBM, the most climatically suitable regions occurred in small patches 
across viticulture areas in Washington and Oregon, and very small portions along the 
coast of California (Fig. 2A, B). The minimum temperature during the warmest month 
(57%) and precipitation during the warmest quarter (27%) had the highest contribu-
tions to GBM model predictions (Table 1). Estimated climatic suitability increased 
gradually as temperature increased, reaching a maximum of 0.8 at approximately 25 °C 
(Suppl. material 1: fig. S8a). Conversely, estimated climatic suitability decreased rap-
idly for locations with higher precipitation during the warmest quarter, from a maxi-
mum of 0.8 between 0- and 200-mm precipitation to 0.3 at approximately 500 mm 
(Suppl. material 1: fig. S8b). The ESH predicted for GBM represented between 0% 

Table 1. Percent contribution (% C) and permutation importance (% P) of selected abiotic predictors in 
species-specific climatic suitability models (EGBM = European grape berry moth, Eupoecilia ambiguella; 
EGVM = European grapevine moth, Lobesia botrana; GBM = Grape berry moth, Paralobesia viteana; 
GTM = Grape tortrix moth, Argyrotaenia ljungiana; CBW = Christmas berry webworm, Cryptoblabes 
gnidiella). The two predictors with the highest contributions are in bold.

Predictor EGBM EGVM GBM GTM CBW
% C (% P) % C (% P) % C (% P) % C (% P) % C (% P)

BIO2; Mean diurnal range (°C) 2.7 (0.5) – 10.5 (25.6) 32.2 (47) 69.5 (20.1)
BIO3; Isothermality (°C) 7.7 (6.8) 6.1 (5.3) – 35.5 (35.6) –
BIO7; Temperature annual range (°C) – 11.4 (13.9) – – –
BIO8; Mean temperature of wettest quarter (°C) 6 (7.8) 3.9 (5.3) – 0 (0) –
BIO13; Precipitation of wettest month (mm) 7.1 (14.7) 6.1 (7.2) – – –
BIO14; Precipitation of driest month (mm) – – 0 (0) – 0.7 (7.4)
BIO15; Precipitation seasonality (mm) 2.2 (5.9) 57.6 (42.1) – 13.5 (2.4) 0.5 (3.7)
BIO18; Precipitation of warmest quarter (mm) – 0 (0) 27.1 (41.2) 0.2 (0.4) 0 (0.2)
BIO19; Precipitation of coldest quarter (mm) 3.8 (0) – – – 1.2 (0.1)
Elevation (m) 57.6 (57.6) 12.6 (10) 0 (0) 14.4 (1.6) 7.9 (6.1)
EPQ; Emberger’s pluviothermic quotient – – – 0.3 (2.1) –
gDD5; growingDegDays5 (°C)1 4.4 (5.1) – – – –
mTW; Minimum temperature of warmest month (°C) – 0.3 (1.3) 56.5 (23) 3.8 (10.5) 12 (0)
PETDQ; PET of driest quarter (mm)2 – 1.4 (14.1) 3.7 (2.7) 0.1 (0.4) 3.4 (42.1)
PETS; PET seasonality (mm)2 8.5 (1.6) 0.6 (0.9) 2.2 (7.4) – 4 (18.2)
PETWQ; PET of wettest quarter (mm)2 – – – – 0.9 (2.1)

1sum of mean monthly temperature for months with mean temperature greater than 5 °C multiplied by the number of days.
2potential evapotranspiration.
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and 21% of the total viticulture area (Table 2). For GTM, only the viticulture areas in 
far northern Washington and small portions of central and southern California were 
climatically suitable for establishment (Fig. 2C, D). The two abiotic predictors with 
the highest contribution to the model predictions (Table 1) were isothermality (36%) 
and mean diurnal range (32%). Estimated climatic suitability across the native and 
invaded range of the GTM increased as the ratio of diurnal variation to annual varia-
tion in temperatures increased, reaching maximum suitability of 0.8 near 50 °C, and 
decreased for locations where the mean differences between maximum and minimum 
temperatures were the greatest (Suppl. material 1: fig. S9). The ESH of the GTM rep-
resented between 0.1 and 13% of the viticulture areas (Table 2).

Finally, the vast majority of the study region was projected to have relatively low 
climatic suitability for two focal species. For EGBM, the most climatically suitable 

Figure 1. Climatic suitability map for the European grapevine moth (EGVM), Lobesia botrana, in viticul-
tural regions along the West Coast of the United States A continuous climatic suitability estimates B bi-
nary predictions of climatically suitable areas based on the 10-percentile lowest omission rate threshold.
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regions for establishment occurred in central Washington and far northern Oregon 
(Fig. 2E, F). The two abiotic predictors with the highest contribution to EGBM model 
predictions were elevation (58%) and monthly variability in potential evapotranspira-
tion (9%; Table 1). Climatic suitability was predicted to be highest (0.8) near sea level 
and decreased at higher elevations as well as increased over a gradient of increasing pre-
cipitation (Suppl. material 1: fig. S10). The ESH represented between approximately 
1 and 12% of all viticulture area (Table 2). For CBW, most of the study region was 
predicted to be climatically unsuitable (Fig. 2G, H). The mean diurnal range and the 
minimum temperature of the warmest month had the highest contributions to model 
predictions (Table 1). Estimated climatic suitability gradually decreased as the mean 
difference between maximum and minimum temperatures increased. Estimated cli-
matic suitability also increased at higher temperatures (Suppl. material 1: fig. S11). The 
predicted ESH ranged between just 0.1 and 0.7% of the total viticulture area (Table 2).

Implementing the 10.or.pt binary threshold revealed that approximately 25% of the 
overall area of viticulture regions was predicted to be climatically suitable for pest co-oc-
currence (Fig. 3A). Less than 7% was climatically suitable for the co-occurrence of three 
or more species (Table 2). The highest predicted potential for co-occurrence based on 
this threshold occurred between EGVM and GBM, accounting for 19% of the total viti-
culture area, followed by EGVM and GTM for 11% of the area (Fig. 3B, Suppl. material 
1: table S4). All remaining pairs of focal species were predicted to co-occur in between 
0.1 and 6% of areas. Results based on the more restrictive maxSS threshold, suggest-
ed that just 0.1% of the total viticultural area is climatically suitable for co-occurrence 
of multiple species, and never for more than two-species (Table 2, Suppl. material 1: 

Table 2. Extent of climatically suitable areas (ESH) and corresponding percent of the total area of viticul-
ture regions (% VR) for five moth species (EGBM = European grape berry moth, Eupoecilia ambiguella; 
EGVM = European grapevine moth, Lobesia botrana; GBM = grape berry moth, Paralobesia viteana; 
GTM = grape tortrix moth, Argyrotaenia ljungiana; CBW = Christmas berry webworm, Cryptoblabes gni-
diella) using two binary thresholds for suitability: 10-percentile lowest omission rate threshold (10.or.pt) 
and the maximum training sensitivity plus specificity threshold (maxSS).

Species Threshold
10.or.pt maxSS

ESH (km2) % VR ESH (km2) % VR
EGBM 21640 12.1 1134.1 0.6
EGVM 115605 64.6 64894.6 36.3
GBM 36940 20.6 64.8 0.0
GTM 22776 12.7 109.6 0.1
CBW 1074 0.6 123.0 0.1
Number of species1 ESH (km2) % VR ESH (km2) % VR
0 37917.8 21.2 113329.8 63.3
1 95758.2 53.5 65396.1 36.6
2 34154.6 19.1 115.5 0.1
3 9586.5 5.4 79.6 0.0
4 1402.6 0.8 0.0 0.0
5 101.3 0.1 0.0 0.0

1number of the five moth species predicted to co-occur in an area.
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table S4). A PCA (Fig. 3C) was used to visualize clustering of species pseudo-occurrences 
relative to PCA loadings to assess qualitatively the environmental conditions underlying 
areas of predicted moth species co-occurrence. The results indicated: 1) an overlap in the 
environmental envelopes of EGBM and GBM (top left quadrant), driven mostly by an-
nual temperature range; 2) overlapping environmental envelopes for EGVM and GTM 
(top right quadrant) based on mean diurnal range and minimum temperature during 
the warmest month; 3) an environmental envelope with less apparent multispecies over-
lap (i.e., more diffuse spread of pseudo-occurrences; bottom right quadrant), and 4) an 
environmental envelope where between three (most often EGVM, GBM, GTM) and 
five species may coexist (bottom left quadrant), which is driven by precipitation of the 
warmest quarter and to a lesser degree by precipitation during the wettest month.

Figure 2. Climatic suitability estimates and binary predictions based on the 10-percential lowest omis-
sion rate threshold for four moth species A, B grape berry moth, Paralobesia viteana C, D grape tortrix 
moth (GTM), Argyrotaenia ljungiana E, F European grape berry moth (EGBM), Eupoecilia ambiguella 
G, H Christmas berry webworm (CBW), Cryptoblabes gnidiella.
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Figure 3. Regions predicted to be climatically suitable for multiple species A occurrence or co-occurrence 
of up to five of the moth species based on 10-percentile lowest omission rate thresholds B regions of po-
tential co-occurrence of the three species with the highest overall suitability in the study region: European 
green vine moth (EGVM) Lobesia botrana, grape berry moth (GBM), Paralobesia viteana, and grape tortrix 
moth (GTM), Argyrotaenia ljungiana C principal component analysis depicting climatic envelopes and en-
vironmental predictors (Table 1) associated with climatically suitable areas for multispecies co-occurrence.
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Discussion

Traditionally, researchers have concentrated on understanding biological invasions at 
large scales (Hoffmann and Courchamp 2016; Lewis et al. 2016). This approach pro-
vides fundamental knowledge of the biology of invasive species, but may offer limited 
predictive power at finer spatial scales (Novoa et al. 2020). Other studies have focused 
on the combination of pathways, invasive species traits, and characteristics of the in-
vaded environments that underlie dynamics at finer scales, which can be used to apply 
specific management at regional and species levels (Kueffer et al. 2013). Identifying 
the environments that are most susceptible to invasion, pathways, routes, and other 
mechanisms that allow invasive species to establish and spread can help limit their 
damage (Simberloff et al. 2013; Novoa et al. 2020).

Once invasive species settle, effective management becomes difficult and costly to 
carry out, especially in regions affected by multiple pest species (Navia et al. 2013). 
Here, we focused on assessing the risk of invasion of multiple species considered to 
be high risk to grape-growing areas of the world, where they have caused large losses 
to industry (Ioriatti et al. 2012; Isaacs et al. 2012). Our analyses drew upon a com-
prehensive and updated collection of occurrences and utilized robust methods and 
strict criteria to reduce impacts of unbalanced sampling, spatial autocorrelation, and 
multicollinearity, to improve prediction accuracy. Our study is applicable to different 
invasive taxa for which the objective is to guide early detection efforts to mitigate their 
potential impacts (Lennox et al. 2015; N’Guyen et al. 2016).

Scientists have linked successful invasive species to high abundance, wide distribu-
tion in their native ranges, and distinct traits that ease establishment and spread (e.g., 
Williamson and Fitter 1996). Although all five focal species may fulfill these criteria to 
varying degrees, our results suggested that EGVM poses the greatest risk of establishing 
if reintroduced into the study region. Previous studies have shown EGVM to be highly 
damaging for the grape industry across its native distribution in Europe (Thiéry and 
Moreau 2005; Ioriatti et al. 2012; Delbac and Thiéry 2016). Our results indicate that a 
large portion of the study region is likely to be climatically suitable for EGVM establish-
ment. Predicted climatically suitable areas include most viticultural areas of California, 
Oregon, and western Washington; particularly locations with relatively low elevations, 
and dry and warm seasonal conditions. Most areas of eastern Washington, where most 
of the grape wines are grown, were found to be climatically unsuitable for EGVM.

Our results are consistent with those of a prior global analysis of EGVM suit-
ability (Rank et al. 2020) and a physiologically-based demographic model (Gutier-
rez et al. 2012, 2018), which showed high suitability for EGVM in dry and warm 
seasonal habitats. Our predictions also coincided in most of our study region with a 
new large-scale, physiologically-based demographic model developed by the Spatial 
Analytic Framework for Advanced Risk Information Systems (SAFARIS) for EGVM 
(SAFARIS 2022). Overall, the major differences in predicted climatic suitability ob-
served between our model and the models described above can be attributed to differ-
ent approaches used to generate models (correlative vs process-based), the spatial scale, 
as well as the selected environmental predictors. Given that management strategies 
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derived from predictive models are scale dependent, our model can serve as a precise 
framework for grape-growing regions across the West Coast of the United States. For 
the small set of regions that showed conflicting values of suitability among suitability 
maps, combined prevention strategies can be applied to prevent pest establishment. 
Given limited resources, higher risk areas can be prioritized for surveillance as an aid 
to decision making. Finally, we expect it may be important to consider horticultural 
practices or other management activities within specific grape-growing regions. For ex-
ample, irrigation, a widespread strategy in vineyards across the Western United States, 
may affect suitability at very fine spatial scales, but potential effects would depend on 
local factors such as the frequency and quantity dependent on weather, soil type and 
variety. Future monitoring of environmental predictors at the site level, development 
of fine-scale models (e.g., remote sensing derived models), and identification of po-
tential pathways for pest introduction and spreading would complement our analyses.

The prior invasion of EGVM in California, and its ultimate eradication, may yield 
important lessons for future responses to invasive insects (Schartel et al. 2019). A retro-
spective analysis suggested that the success of the program was attributable to a combina-
tion of efficient transfer of knowledge gained from research conducted in EGVM’s native 
range, appropriate implementation of regulatory and control strategies, and coordinat-
ed responses among researchers, cooperative extension personnel, regulatory agencies, 
members of industry, and the general public (Zalom et al. 2013; Schartel et al. 2019; 
Simmons et al. 2021). Habitat suitability modeling using occurrence records from the 
most heavily invaded area, in Napa County, showed certain locations to be highly suit-
able for EGVM contingent on a combination of climatic conditions, attributes of the 
surrounding landscape, and anthropogenic variables (e.g., proximity to transportation 
corridors). Yet, the persistence of statistical hotspots in EGVM occurrences over time 
was not strongly tied to habitat suitability (Schartel et al. 2019). This pair of apparently 
contradictory results left open questions regarding the true suitability of the region for 
EGVM establishment, perhaps reflecting underlying challenges with drawing inferences 
in the midst of an active eradication program. Fortunately, the present study provides 
some clarity on this issue. Specifically, the climatic suitability predictions for EGVM 
indicated that not only is it well suited to those areas most heavily affected in the prior in-
vasion, but a substantial fraction of vineyard acreage in other areas of California, Oregon, 
and Washington are likely at risk of EGVM establishment should it be reintroduced.

We found that in addition to EGVM, two other moth species, GBM and GTM, 
might find moderate expanses of climatically suitable areas. Since the expansion of grape-
growing regions in North America, GBM has increased in abundance and distribution, 
but it has not been observed in the western United States. However, viticulture regions 
in Washington and Oregon seem to offer suitable conditions, as this species performs 
well in temperatures in seasonal humid environments (Botero-Garcés and Isaacs 2003; 
Isaacs et al. 2012). On the other hand, climatically suitable areas for GTM mostly occurs 
in Central and Southern California, specifically in dry regions with more stable tempera-
tures across the year, which coincides with the habitats described for this species in its 
native and invaded range throughout the Palearctic (Ioriatti et al. 2012). Although our 
results showed that much of the study region is unlikely to be climatically suitable for 
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EGBM and CBW establishment, their inclusion in this assessment is substantiated due 
to their high invasiveness and similar ecology to EGVM. While EGBM has been highly 
successful invading mainland and islands in Asia, CBW has been reported in Asia, Af-
rica, the Americas, and New Zealand (Ioriatti et al. 2012). Based on occurrence records, 
EGBM and CBW overlap and potentially interact with EGVM, at least historically, in 
most of their native range in Europe. Similar studies have assessed the potential distribu-
tion of invasive pathogens (Lötters et al. 2009; Turbill and Welbergen 2020), and pests 
(Narouei-Khandan et al. 2016) and illustrate the utility of SDMs to inform the location 
and timing of monitoring for potentially invasive species (Srivastava et al. 2019).

An additional benefit of this work was to model multiple species’ pest risk establish-
ment probabilities which can also aid efforts to develop tools, such as multi-lure phero-
mone traps, that can simultaneously monitor multiple species while reducing the costs 
and time-intensive nature of monitoring efforts (Epanchin-Niell et al. 2014). Ongoing 
research (A. Lucchi, personal communication; G. Simmons, unpublished data) is evalu-
ating the effectiveness of pheromone traps for each moth species alone and in multi-
lure combinations, given that interference between certain pheromones may influence 
multi-lure traps’ ability to attract and detect focal species (Brockerhoff et al. 2013; 
Chase et al. 2018; Rowley et al. 2018). Further developments concerning the efficacy 
of multi-lure traps, coupled with the results of the PCA that complement the climatic 
suitability maps of our study species and identify variables associated with the potential 
suitable habitat for multispecies co-occurrence across the West Coast of the U.S., may 
lead to more targeted, and ultimately effective, multi-pest monitoring programs.

Although a growing number of studies have modeled the distribution of multiple 
species or assessed co-occurrence of multiple species through joint SDMs or occu-
pancy models (Pollock et al. 2014; Norberg et al. 2019), the use of SDMs to assess 
the distribution and co-occurrence of multiple pest species remains unexplored (e.g., 
Briscoe Runquist et al. 2021). The accurate prediction of species co-occurrence has 
methodological limitations and effectiveness relies on exploratory analyses and robust 
methods of data collection and cleaning (Dormann et al. 2018). Previous studies have 
shown overlapping distributions and apparent coexistence of EGVM, EGBM, GTM, 
and CBW (Ioriatti et al. 2012). Similarly, the ecology and habitat characteristics of the 
North American GBM suggest this species might successfully invade grape-growing 
regions where it could potentially co-occur with other moth pests (Ioriatti et al. 2012; 
Isaacs et al. 2012). For invasive agricultural pests, there are always limitations on the 
amount of funding available to mount bio-surveillance efforts. Pest risk analysis re-
sources and tools such as the Cooperative Agricultural Pest Survey (2022) and the cli-
mate suitability model in SAFARIS (2022), have been designed to aid decision makers 
to choose which pests, and in which parts of the country, to mount detection programs 
in order to effectively dedicate funding. While these tools are valuable to make deci-
sions on which states may be at risk of pest establishment, the models presented here 
refine which grape production areas have the highest relative risk of pest establishment 
for several key pests to allow optimal use of scarce resources to design pest surveys. 
Adding information about invasion pathways would further refine efforts to optimize 
detection efforts in areas of the highest risk of pest arrival and establishment.
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Conclusions

Detection and surveillance efforts are important components of early pest management 
strategies but are often costly and time-intensive (Blackburn et al. 2017). The still-sub-
stantial cost and potentially reduced efficacy of multi-lure traps means that informed 
decisions must be made about where to implement these efforts in at-risk regions. To 
this end, predictive methods such as SDM may guide pest monitoring efforts. This sug-
gests predictive methods will still be of practical value in guiding early detection and 
surveillance efforts for entire pest complexes. Results of this work can be used to make 
preventive management more effective by identifying high and moderate risk areas for 
pest invasion and potential pathways of pest introduction and spread. Furthermore, 
this study can be used as a reference for the assessment of other pest complexes.

Our findings suggest that most resources should be used to avoid a secondary 
spread of EGVM in the viticulture regions of the West Coast of the United States. 
Additionally, given the apparent potential for coexistence of the European species in 
some areas (Ioriatti et al. 2012), traps embedded with multiple species’ pheromones 
may offer a logistically easier and more cost-effective way to monitor for multiple 
species (Chase et al. 2018). Ongoing studies with different combinations of lures are 
evaluating the potential virtue of these multi-lure traps in grape moth pest monitoring 
programs (A. Lucchi, Personal Communication; G. Simmons, unpublished data). The 
results of this work can be integrated with important management tools, such as the 
USDA Office of Pest Management Policy (OPMP) that serve as valuable inputs into 
setting pest control strategies.

Acknowledgements

Thanks to M. Cooper, L. Varela and other members of the EGVM Technical Working 
Group for their input during the early phases of this research, and to R. Broadway for 
providing access to EGVM trapping records. We also thank K. Bigsby and A. Tripodi 
at the Animal and Plant Health Inspection Service (APHIS) for constructive comments 
that helped to improve the manuscript. This work was supported by funds from Animal 
and Plant Health Inspection Service, cooperative agreements AP20PPQS&T00C192 
and AP21PPQS&T00C166 to M. Daugherty.

References

Barbet-Massin M, Rome Q, Villemant C, Courchamp F (2018) Can species distribution mod-
els really predict the expansion of invasive species? PLoS ONE 13(3): e0193085. https://
doi.org/10.1371/journal.pone.0193085

Blackburn L, Epanchin-Niell R, Thompson A, Liebhold A (2017) Predicting costs of alien spe-
cies surveillance across varying transportation networks. Journal of Applied Ecology 54(1): 
225–233. https://doi.org/10.1111/1365-2664.12754

https://doi.org/10.1371/journal.pone.0193085
https://doi.org/10.1371/journal.pone.0193085
https://doi.org/10.1111/1365-2664.12754


Risk of invasion by a vineyard moth pest guild 185

Booth TH, Nix HA, Busby JR, Hutchinson MF (2014) BIOCLIM: The first species distribu-
tion modelling package, its early applications and relevance to most current MaxEnt stud-
ies. Diversity & Distributions 20(1): 1–9. https://doi.org/10.1111/ddi.12144

Botero-Garcés N, Isaacs R (2003) Distribution of grape berry moth, Endopiza viteana (Lepi-
doptera: Tortricidae), in natural and cultivated habitats. Environmental Entomology 
32(5): 1187–1195. https://doi.org/10.1603/0046-225X-32.5.1187

Boyce MS, Vernier PR, Nielsen SE, Schmiegelow FKA (2002) Evaluating resource selection functions. 
Ecological Modelling 157(2–3): 281–300. https://doi.org/10.1016/S0304-3800(02)00200-4

Bradley B, Laginhas BW, Allen J, Bates A, Bernatchez G, Diez J, Early R, Lenoir J, Vilà M, Sorte 
JBC (2019) Disentangling the abundance-impact relationship for invasive species. Pro-
ceedings of the National Academy of Sciences 116: 9919–9924. https://doi.org/10.1073/
pnas.1818081116

Briscoe Runquist RD, Lake TA, Moeller DA (2021) Improving predictions of range expansion 
for invasive species using joint species distribution models and surrogate co-occurring spe-
cies. Journal of Biogeography 48(7): 1693–1705. https://doi.org/10.1111/jbi.14105

Brockerhoff EG, Suckling DM, Roques A, Jactel H, Branco M, Twidle AM, Mastro VC, Kim-
berley MO (2013) Improving the efficiency of lepidopteran pest detection and surveil-
lance: Constraints and opportunities for multiple-species trapping. Journal of Chemical 
Ecology 39(1): 50–58. https://doi.org/10.1007/s10886-012-0223-6

Brooks TM, Pimm SL, Akçakaya HR, Buchanan GM, Butchart SHM, Foden W, Hilton-Taylor 
C, Hoffmann M, Jenkins CN, Joppa L, Li BV, Menon V, Ocampo-Peñuela N, Rondinini 
C (2019) Measuring terrestrial area of habitat (AOH) and its utility for the IUCN Red List. 
Trends in Ecology & Evolution 34(11): 977–986. https://doi.org/10.1016/j.tree.2019.06.009

Chase KD, Stringer LD, Butler RC, Liebhold AM, Miller DR, Shearer PW, Brockerhoff EG 
(2018) Multiple-Lure surveillance trapping for ips bark beetles, Monochamus longhorn 
beetles, and Halyomorpha halys (Hemiptera: Pentatomidae). Journal of Economic Ento-
mology 111(5): 2255–2263. https://doi.org/10.1093/jee/toy190

Cooper M, Varela LG, Smith RJ, Whitmer D, Simmons G, Lucchi A, Broadway R, Steinhauer 
R (2014) Growers, scientists and regulators collaborate on European grapevine moth pro-
gram. California Agriculture 68(4): 1–68. https://doi.org/10.3733/ca.v068n04p125

Cooperative Agricultural Pest Survey (2022) European grapevine moth – Lobesia botrana. The 
National Priority Pest List. https://caps.ceris.purdue.edu/

Crystal-Ornelas R, Hudgins EJ, Cuthbert RN, Haubrock PJ, Fantle-Lepczyk J, Angulo E, 
Kramer AM, Ballesteros-Mejia L, Leroy B, Leung B, López-López E, Diagne C, Cour-
champ F (2021) Economic costs of biological invasions within North America. NeoBiota 
67: 485–510. https://doi.org/10.3897/neobiota.67.58038

Delbac L, Thiéry D (2016) Damage to grape flowers and berries by Lobesia botrana larvae 
(Denis & Schiffernüller) (Lepidoptera: Tortricidae), and relation to larval age. Australian 
Journal of Grape and Wine Research 22(2): 256–261. https://doi.org/10.1111/ajgw.12204

Dormann CF, Bobrowski M, Dehling DM, Harris DJ, Hartig F, Lischke H, Moretti MD, 
Pagel J, Pinkert S, Schleuning M, Schmidt SI, Sheppard CS, Steinbauer MJ, Zeuss D, 
Kraan C (2018) Biotic interactions in species distribution modelling: 10 questions to guide 
interpretation and avoid false conclusions. Global Ecology and Biogeography 27(9): 1004–
1016. https://doi.org/10.1111/geb.12759

https://doi.org/10.1111/ddi.12144
https://doi.org/10.1603/0046-225X-32.5.1187
https://doi.org/10.1016/S0304-3800(02)00200-4
https://doi.org/10.1073/pnas.1818081116
https://doi.org/10.1073/pnas.1818081116
https://doi.org/10.1111/jbi.14105
https://doi.org/10.1007/s10886-012-0223-6
https://doi.org/10.1016/j.tree.2019.06.009
https://doi.org/10.1093/jee/toy190
https://doi.org/10.3733/ca.v068n04p125
https://caps.ceris.purdue.edu/
https://doi.org/10.3897/neobiota.67.58038
https://doi.org/10.1111/ajgw.12204
https://doi.org/10.1111/geb.12759


Hector Zumbado-Ulate et al.  /  NeoBiota 86: 169–191 (2023)186

Dowell RV, Gill RJ, Jeske DR, Hoddle MS (2016) Exotic terrestrial macro-invertebrate invad-
ers in California from 1700 to 2015: An analysis of records. Proceedings of the California 
Academy of Sciences 63: 63–157.

Elith J, Graham C, Anderson R, Dudík M, Ferrier S, Guisan A, Hijmans RJ, Huettmann F, 
Leathwick JR, Lehmann A, Li J, Lohmann L, Loiselle B, Manion G, Moritz C, Nakamura 
M, Nakazawa Y, Overton JM, Peterson AT, Phillips SJ, Richardson K, Scachetti-Pereira R, 
Schapire RE, Soberón J, Williams S, Wisz MS, Zimmermann NE (2006) Novel methods 
improve prediction of species’ distributions from occurrence data. Ecography 29: 129–
151. https://doi.org/10.1111/j.2006.0906-7590.04596.x

Epanchin-Niell RS, Brockerhoff EG, Kean JM, Turner JA (2014) Designing cost-efficient sur-
veillance for early detection and control of multiple biological invaders. Ecological Appli-
cations 24(6): 1258–1274. https://doi.org/10.1890/13-1331.1

Fick SE, Hijmans RJ (2017) WorldClim 2: New 1-km spatial resolution climate surfaces for 
global land areas. International Journal of Climatology 37(12): 4302–4315. https://doi.
org/10.1002/joc.5086

Gilligan TM, Epstein ME, Passoa SC, Powell JA, Sage OC, Brown JW (2011) Discovery of 
Lobesia botrana ([Denis & Schiffermüller]) in California: an invasive species new to North 
America (Lepidoptera: Tortricidae). Proceedings of the Entomological Society of Washing-
ton 113(1): 14–30. https://doi.org/10.4289/0013-8797.113.1.14

Gurevitch J, Padilla DK (2004) Are invasive species a major cause of extinctions? Trends in 
Ecology & Evolution 19(9): 470–474. https://doi.org/10.1016/j.tree.2004.07.005

Gutierrez AP, Ponti L, Cooper ML, Gilioli G, Baumgärtner J, Duso C (2012) Prospective 
analysis of the invasive potential of the European grapevine moth Lobesia botrana (Den. 
& Schiff.) in California. Agricultural and Forest Entomology 14(3): 225–238. https://doi.
org/10.1111/j.1461-9563.2011.00566.x

Gutierrez AP, Ponti L, Gilioli G, Baumgärtner J (2018) Climate warming effects on grape and 
grapevine moth (Lobesia botrana) in the Palearctic region. Agricultural and Forest Ento-
mology 20(2): 255–271. https://doi.org/10.1111/afe.12256

Heikkinen RK, Marmion M, Luoto M (2012) Does the interpolation accuracy of species distri-
bution models come at the expense of transferability? Ecography 35(3): 276–288. https://
doi.org/10.1111/j.1600-0587.2011.06999.x

Hoffmann BD, Courchamp F (2016) Biological invasions and natural colonisations: Are they 
that different? NeoBiota 29: 1–14. https://doi.org/10.3897/neobiota.29.6959

Ioriatti C, Lucchi A, Varela LG (2012) Grape berry moths in western European vineyards and 
their recent movement into the New World. In: Bostanian NJ, Vincent C, Isaacs R (Eds) 
Arthropod Management in Vineyards: Pests, Approaches, and Future Directions. Springer 
Netherlands, 339–359. https://doi.org/10.1007/978-94-007-4032-7_14

Isaacs R, Teixeira LA, Jenkins PE, Neerdaels NB, Loeb GM, Saunders MC (2012) Biology and 
management of grape berry moth in North American vineyard ecosystems. Arthropod Man-
agement in Vineyards: Springer, 361–381. https://doi.org/10.1007/978-94-007-4032-7_15

Jarnevich CS, Sofaer HR, Belamaric P, Engelstad P (2022) Regional models do not outperform 
continental models for invasive species. NeoBiota 77: 1–22. https://doi.org/10.3897/neo-
biota.77.86364

https://doi.org/10.1111/j.2006.0906-7590.04596.x
https://doi.org/10.1890/13-1331.1
https://doi.org/10.1002/joc.5086
https://doi.org/10.1002/joc.5086
https://doi.org/10.4289/0013-8797.113.1.14
https://doi.org/10.1016/j.tree.2004.07.005
https://doi.org/10.1111/j.1461-9563.2011.00566.x
https://doi.org/10.1111/j.1461-9563.2011.00566.x
https://doi.org/10.1111/afe.12256
https://doi.org/10.1111/j.1600-0587.2011.06999.x
https://doi.org/10.1111/j.1600-0587.2011.06999.x
https://doi.org/10.3897/neobiota.29.6959
https://doi.org/10.1007/978-94-007-4032-7_14
https://doi.org/10.1007/978-94-007-4032-7_15
https://doi.org/10.3897/neobiota.77.86364
https://doi.org/10.3897/neobiota.77.86364


Risk of invasion by a vineyard moth pest guild 187

Jiménez-Valverde A, Peterson AT, Soberón J, Overton JM, Aragón P, Lobo JM (2011) Use of 
niche models in invasive species risk assessments. Biological Invasions 13(12): 2785–2797. 
https://doi.org/10.1007/s10530-011-9963-4

Kass JM, Muscarella R, Galante PJ, Bohl CL, Pinilla-Buitrago GE, Boria RA, Soley-Guardia 
M, Anderson RP (2021) ENMeval 2.0: Redesigned for customizable and reproducible 
modeling of species’ niches and distributions. Methods in Ecology and Evolution 12(9): 
1602–1608. https://doi.org/10.1111/2041-210X.13628

Kueffer C, Pyšek P, Richardson DM (2013) Integrative invasion science: Model systems, multi-
site studies, focused meta-analysis and invasion syndromes. The New Phytologist 200(3): 
615–633. https://doi.org/10.1111/nph.12415

Lennox R, Choi K, Harrison PM, Paterson JE, Peat TB, Ward TD, Cooke SJ (2015) Improv-
ing science-based invasive species management with physiological knowledge, concepts, 
and tools. Biological Invasions 17(8): 2213–2227. https://doi.org/10.1007/s10530-015-
0884-5

Leung B, Lodge DM, Finnoff D, Shogren JF, Lewis MA, Lamberti G (2002) An ounce of pre-
vention or a pound of cure: Bioeconomic risk analysis of invasive species. Proceedings of 
the Royal Society of London, Series B, Biological Sciences 269(1508): 2407–2413. https://
doi.org/10.1098/rspb.2002.2179

Lewis MA, Petrovskii SV, Potts JR (2016) The mathematics behind biological invasions. 
Springer, Berlin. https://doi.org/10.1007/978-3-319-32043-4

Liu C, Berry PM, Dawson TP, Pearson RG (2005) Selecting thresholds of occurrence in the 
prediction of species distributions. Ecography 28(3): 385–393. https://doi.org/10.1111/
j.0906-7590.2005.03957.x

Lötters S, Kielgast J, Bielby J, Schmidtlein S, Bosch J, Veith M, Walker SF, Fisher MC, Rödder 
D (2009) The link between rapid enigmatic amphibian decline and the globally emerging 
chytrid fungus. EcoHealth 6(3): 358–372. https://doi.org/10.1007/s10393-010-0281-6

Lucchi A, Scaramozzino PL (2022) Lobesia botrana (European grapevine moth). CABI Com-
pendium Invasive Species. https://doi.org/10.1079/cabicompendium.42794

McNeil JN (1991) Behavioral ecology of pheromone-mediated communication in moths and 
its importance in the use of pheromone traps. Annual Review of Entomology 36(1): 407–
430. https://doi.org/10.1146/annurev.en.36.010191.002203

Meyerson LA, Carlton JT, Simberloff D, Lodge DM (2019) The growing peril of biologi-
cal invasions. Frontiers in Ecology and the Environment 17(4): 191–191. https://doi.
org/10.1002/fee.2036

Miller ME, Hui SL, Tierney WM (1991) Validation techniques for logistic regression models. 
Statistics in Medicine 10(8): 1213–1226. https://doi.org/10.1002/sim.4780100805

Moschos T (2006) Yield loss quantification and economic injury level estimation for the car-
pophagous generations of the European grapevine moth Lobesia botrana Den. et Schiff. 
(Lepidoptera: Tortricidae). International Journal of Pest Management 52(2): 141–147. 
https://doi.org/10.1080/09670870600639179

N’Guyen A, Hirsch PE, Adrian-Kalchhauser I, Burkhardt-Holm P (2016) Improving invasive 
species management by integrating priorities and contributions of scientists and decision 
makers. Ambio 45(3): 280–289. https://doi.org/10.1007/s13280-015-0723-z

https://doi.org/10.1007/s10530-011-9963-4
https://doi.org/10.1111/2041-210X.13628
https://doi.org/10.1111/nph.12415
https://doi.org/10.1007/s10530-015-0884-5
https://doi.org/10.1007/s10530-015-0884-5
https://doi.org/10.1098/rspb.2002.2179
https://doi.org/10.1098/rspb.2002.2179
https://doi.org/10.1007/978-3-319-32043-4
https://doi.org/10.1111/j.0906-7590.2005.03957.x
https://doi.org/10.1111/j.0906-7590.2005.03957.x
https://doi.org/10.1007/s10393-010-0281-6
https://doi.org/10.1079/cabicompendium.42794
https://doi.org/10.1146/annurev.en.36.010191.002203
https://doi.org/10.1002/fee.2036
https://doi.org/10.1002/fee.2036
https://doi.org/10.1002/sim.4780100805
https://doi.org/10.1080/09670870600639179
https://doi.org/10.1007/s13280-015-0723-z


Hector Zumbado-Ulate et al.  /  NeoBiota 86: 169–191 (2023)188

Naimi B (2015) usdm: uncertainty analysis for species distribution models. R package version 
1.1-15.

Napa County California (2022) Pest & Diseases. https://www.countyofnapa.org/1270/Pests-
Diseases

Narouei-Khandan HA, Halbert SE, Worner SP, van Bruggen AHC (2016) Global climate suit-
ability of citrus huanglongbing and its vector, the Asian citrus psyllid, using two correlative 
species distribution modeling approaches, with emphasis on the USA. European Journal of 
Plant Pathology 144(3): 655–670. https://doi.org/10.1007/s10658-015-0804-7

Navia D, de Mendonça RS, Skoracka A, Szydło W, Knihinicki D, Hein GL, da Silva Pereira 
PRV, Truol G, Lau D (2013) Wheat curl mite, Aceria tosichella, and transmitted viruses: 
An expanding pest complex affecting cereal crops. Experimental & Applied Acarology 
59(1–2): 95–143. https://doi.org/10.1007/s10493-012-9633-y

Neiman PJ, Ralph FM, Wick GA, Lundquist JD, Dettinger MD (2008) Meteorological char-
acteristics and overland precipitation impacts of atmospheric rivers affecting the West 
Coast of North America based on eight years of SSM/I satellite observations. Journal of 
Hydrometeorology 9(1): 22–47. https://doi.org/10.1175/2007JHM855.1

Norberg A, Abrego N, Blanchet FG, Adler FR, Anderson BJ, Anttila J, Araújo MB, Dallas T, 
Dunson D, Elith J, Foster SD, Fox R, Franklin J, Godsoe W, Guisan A, O’Hara B, Hill 
NA, Holt RD, Hui FKC, Husby M, Kålås JA, Lehikoinen A, Luoto M, Mod HK, Newell 
G, Renner I, Roslin T, Soininen J, Thuiller W, Vanhatalo J, Warton D, White M, Zim-
mermann NE, Gravel D, Ovaskainen O (2019) A comprehensive evaluation of predictive 
performance of 33 species distribution models at species and community levels. Ecological 
Monographs 89(3): e01370. https://doi.org/10.1002/ecm.1370

Novoa A, Richardson DM, Pyšek P, Meyerson LA, Bacher S, Canavan S, Catford JA, Čuda J, Essl 
F, Foxcroft LC, Genovesi P, Hirsch H, Hui C, Jackson MC, Kueffer C, Le Roux JJ, Measey 
J, Mohanty NP, Moodley D, Müller-Schärer H, Packer JG, Pergl J, Robinson TB, Saul W-C, 
Shackleton RT, Visser V, Weyl OLF, Yannelli FA, Wilson JRU (2020) Invasion syndromes: A 
systematic approach for predicting biological invasions and facilitating effective management. 
Biological Invasions 22(5): 1801–1820. https://doi.org/10.1007/s10530-020-02220-w

Ostrauskas H, Ivinskis P, Būda V (2008) Moth species caught in traps during the survey of 
Cacoecimorpha pronubana (Hbn.) – Lepidoptera, Tortricidae – in Lithuania. Acta Zoo-
logica Lituanica 18(1): 17–23. https://doi.org/10.2478/v10043-008-0005-0

Paini DR, Sheppard AW, Cook DC, Barro PJ, Worner SP, Thomas MB (2016) Global threat to 
agriculture from invasive species. Proceedings of the National Academy of Sciences of the 
United States of America 113(27): 7575–7579. https://doi.org/10.1073/pnas.1602205113

Peterson AT (2011) Ecological niche conservatism: A time-structured review of evidence. Jour-
nal of Biogeography 38(5): 817–827. https://doi.org/10.1111/j.1365-2699.2010.02456.x

Phillips SJ, Anderson RP, Schapire RE (2006) Maximum entropy modeling of species geograph-
ic distributions. Ecological Modelling 190(3–4): 231–259. https://doi.org/10.1016/j.ecol-
model.2005.03.026

Pimentel D, Zuniga R, Morrison D (2005) Update on the environmental and economic costs as-
sociated with alien-invasive species in the United States. Integrating Ecology and Economics 
in Control Bioinvasions 52(3): 273–288. https://doi.org/10.1016/j.ecolecon.2004.10.002

https://www.countyofnapa.org/1270/Pests-Diseases
https://www.countyofnapa.org/1270/Pests-Diseases
https://doi.org/10.1007/s10658-015-0804-7
https://doi.org/10.1007/s10493-012-9633-y
https://doi.org/10.1175/2007JHM855.1
https://doi.org/10.1002/ecm.1370
https://doi.org/10.1007/s10530-020-02220-w
https://doi.org/10.2478/v10043-008-0005-0
https://doi.org/10.1073/pnas.1602205113
https://doi.org/10.1111/j.1365-2699.2010.02456.x
https://doi.org/10.1016/j.ecolmodel.2005.03.026
https://doi.org/10.1016/j.ecolmodel.2005.03.026
https://doi.org/10.1016/j.ecolecon.2004.10.002


Risk of invasion by a vineyard moth pest guild 189

Pollock LJ, Tingley R, Morris WK, Golding N, O’Hara RB, Parris KM, Vesk PA, McCarthy 
MA (2014) Understanding co-occurrence by modelling species simultaneously with a joint 
species distribution model (JSDM). Methods in Ecology and Evolution 5(5): 397–406. 
https://doi.org/10.1111/2041-210X.12180

Pyšek P, Richardson DM (2010) Invasive species, environmental change and management, 
and health. Annual Review of Environment and Resources 35(1): 25–55. https://doi.
org/10.1146/annurev-environ-033009-095548

R Core Team (2022) R: A language and environment for statistical computing. R Foundation 
for Statistical Computing, Vienna. https://www.R-project.org

Radosavljevic A, Anderson RP (2014) Making better MAXENT models of species distribu-
tions: Complexity, overfitting and evaluation. Journal of Biogeography 41(4): 629–643. 
https://doi.org/10.1111/jbi.12227

Rank A, Ramos RS, da Silva RS, Soares JRS, Picanço MC, Fidelis EG (2020) Risk of the intro-
duction of Lobesia botrana in suitable areas for Vitis vinifera. Journal of Pest Science 93(4): 
1167–1179. https://doi.org/10.1007/s10340-020-01246-2

Richardson DM, Pyšek P, Rejmánek M, Barbour MG, Panetta FD, West CJ (2000) Naturali-
zation and invasion of alien plants: Concepts and definitions. Diversity & Distributions 
6(2): 93–107. https://doi.org/10.1046/j.1472-4642.2000.00083.x

Rowley C, Cherrill AJ, Leather SR, Hall DR, Pope TW (2018) Factors affecting trap catch in 
pheromone-based monitoring of saddle gall midge Haplodiplosis marginata (Diptera: Ceci-
domyiidae). Pest Management Science 74(2): 406–412. https://doi.org/10.1002/ps.4721

SAFARIS (2022) Spatial Analytic Framework for Advanced Risk Information Systems (SAFA-
RIS). https://safaris.cipm.info

Savary S, Willocquet L, Pethybridge SJ, Esker P, McRoberts N, Nelson A (2019) The global 
burden of pathogens and pests on major food crops. Nature Ecology & Evolution 3(3): 
430–439. https://doi.org/10.1038/s41559-018-0793-y

Schartel TE, Bayles BR, Cooper ML, Simmons GS, Thomas SM, Varela LG, Daugherty MP 
(2019) Reconstructing the European grapevine moth (Lepidoptera: Tortricidae), invasion 
in California: insights from a successful eradication. Annals of the Entomological Society 
of America 112(2): 107–117. https://doi.org/10.1093/aesa/say056

Shackleton RT, Foxcroft LC, Pyšek P, Wood LE, Richardson DM (2020) Assessing biological 
invasions in protected areas after 30 years: Revisiting nature reserves targeted by the 1980s 
SCOPE programme. Biological Conservation 243: e108424. https://doi.org/10.1016/j.
biocon.2020.108424

Simberloff D, Martin J-L, Genovesi P, Maris V, Wardle DA, Aronson J, Courchamp F, Galil 
B, García-Berthou E, Pascal M, Pyšek P, Sousa R, Tabacchi E, Vilà M (2013) Impacts of 
biological invasions: What’s what and the way forward. Trends in Ecology & Evolution 
28(1): 58–66. https://doi.org/10.1016/j.tree.2012.07.013

Simmons GS, Varela L, Daugherty M, Cooper M, Lance D, Mastro V, Carde RT, Lucchi A, 
Ioriatti C, Bagnoli B (2021) Area-wide eradication of the invasive European grapevine 
moth, Lobesia botrana in California, USA. In: Hendrichs J, Pereira R, Vreysen MJB (Eds) 
Area-Wide Integrated Pest Management. Development and Field Application, 581–596. 
https://doi.org/10.1201/9781003169239-31

https://doi.org/10.1111/2041-210X.12180
https://doi.org/10.1146/annurev-environ-033009-095548
https://doi.org/10.1146/annurev-environ-033009-095548
https://www.R-project.org
https://doi.org/10.1111/jbi.12227
https://doi.org/10.1007/s10340-020-01246-2
https://doi.org/10.1046/j.1472-4642.2000.00083.x
https://doi.org/10.1002/ps.4721
https://safaris.cipm.info
https://doi.org/10.1038/s41559-018-0793-y
https://doi.org/10.1093/aesa/say056
https://doi.org/10.1016/j.biocon.2020.108424
https://doi.org/10.1016/j.biocon.2020.108424
https://doi.org/10.1016/j.tree.2012.07.013
https://doi.org/10.1201/9781003169239-31


Hector Zumbado-Ulate et al.  /  NeoBiota 86: 169–191 (2023)190

Srivastava V, Lafond V, Griess VC (2019) Species Distribution Models (SDM): Applications, 
Benefits and Challenges in Invasive Species Management. CABI Reviews, 13 pp. https://
doi.org/10.1079/PAVSNNR201914020

Suckling DM, Conlong DE, Carpenter JE, Bloem KA, Rendon P, Vreysen MJB (2017) Global 
range expansion of pest Lepidoptera requires socially acceptable solutions. Biological Inva-
sions 19(4): 1107–1119. https://doi.org/10.1007/s10530-016-1325-9

Syfert MM, Smith MJ, Coomes DA (2013) The effects of sampling bias and model complexity 
on the predictive performance of MaxEnt species distribution models. PLoS ONE 8(7): 
e55158. https://doi.org/10.1371/journal.pone.0055158

Thiéry D, Moreau J (2005) Relative performance of European grapevine moth (Lobesia botrana) 
on grapes and other hosts. Oecologia 143(4): 548–557. https://doi.org/10.1007/s00442-
005-0022-7

Title PO, Bemmels JB (2018) ENVIREM: An expanded set of bioclimatic and topograph-
ic variables increases flexibility and improves performance of ecological niche modeling. 
Ecography 41(2): 291–307. https://doi.org/10.1111/ecog.02880

Turbill C, Welbergen JA (2020) Anticipating white-nose syndrome in the Southern Hemi-
sphere: Widespread conditions favourable to Pseudogymnoascus destructans pose a seri-
ous risk to Australia’s bat fauna. Austral Ecology 45(1): 89–96. https://doi.org/10.1111/
aec.12832

Vacas S, Alfaro C, Primo J, Navarro-Llopis V (2011) Studies on the development of a mating 
disruption system to control the tomato leafminer, Tuta absoluta Povolny (Lepidoptera: 
Gelechiidae). Pest Management Science 67(11): 1473–1480. https://doi.org/10.1002/
ps.2202

Varela LG, Smith RJ, Cooper ML, Hoenisch RW (2010) European grapevine moth, Lobesia 
botrana. Napa Valley vineyards. Pract. Winery Vineyard 2010: 1–5.

Williamson MH, Fitter A (1996) The characters of successful invaders. Invasion Biology 78: 
163–170. https://doi.org/10.1016/0006-3207(96)00025-0

Zalom F, Grieshop J, Lelea MA, Sedell JK (2013) Community perceptions of emergency re-
sponses to invasive species in California: case studies of the light brown apple moth and 
the European grapevine moth. Report submitted to USDA in fulfillment of cooperative 
agreement #10-8100-1531-CA. University of California.

Zeng Y, Low BW, Yeo DCJ (2016) Novel methods to select environmental variables in Max-
Ent: A case study using invasive crayfish. Ecological Modelling 341: 5–13. https://doi.
org/10.1016/j.ecolmodel.2016.09.019

Zumbado-Ulate H, Neam K, García-Rodríguez A, Ochoa-Ochoa L, Chaves G, Kolby JE, 
Granados-Martínez S, Hertz A, Bolaños F, Ariano-Sánchez D, Puschendorf R, Searle CL 
(2022) Ecological correlates of extinction risk and persistence of direct-developing stream-
dwelling frogs in Mesoamerica. Global Ecology and Conservation 38: e02197. https://doi.
org/10.1016/j.gecco.2022.e02197

Zurell D, Franklin J, König C, Bouchet PJ, Dormann CF, Elith J, Fandos G, Feng X, Guillera-
Arroita G, Guisan A, Lahoz-Monfort JJ, Leitão PJ, Park DS, Peterson AT, Rapacciuolo G, 
Schmatz DR, Schröder B, Serra-Diaz JM, Thuiller W, Yates KL, Zimmermann NE, Merow 
C (2020) A standard protocol for reporting species distribution models. Ecography 43(9): 
1261–1277. https://doi.org/10.1111/ecog.04960

https://doi.org/10.1079/PAVSNNR201914020
https://doi.org/10.1079/PAVSNNR201914020
https://doi.org/10.1007/s10530-016-1325-9
https://doi.org/10.1371/journal.pone.0055158
https://doi.org/10.1007/s00442-005-0022-7
https://doi.org/10.1007/s00442-005-0022-7
https://doi.org/10.1111/ecog.02880
https://doi.org/10.1111/aec.12832
https://doi.org/10.1111/aec.12832
https://doi.org/10.1002/ps.2202
https://doi.org/10.1002/ps.2202
https://doi.org/10.1016/0006-3207(96)00025-0
https://doi.org/10.1016/j.ecolmodel.2016.09.019
https://doi.org/10.1016/j.ecolmodel.2016.09.019
https://doi.org/10.1016/j.gecco.2022.e02197
https://doi.org/10.1016/j.gecco.2022.e02197
https://doi.org/10.1111/ecog.04960


Risk of invasion by a vineyard moth pest guild 191

Supplementary material 1

Assessing the risk of invasion by a vineyard moth pest guild
Authors: Hector Zumbado-Ulate, Tyler E. Schartel, Gregory S. Simmons, Matthew 
P. Daugherty
Data type: figures and tables (word document)
Explanation note: table S1. 34 environmental variables considered during the develop-

ment of species distribution models for five lepidopteran grapevine pests. table S2. Cli-
matic suitability modeling methods as organized by the ODMAP framework (Zurell 
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of the United States. figure S1. Study region with purple polygons denoting the loca-
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and climatic suitability estimates for the European grape berry moth, Eupoecilia am-
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across its native range in Europe. figure S4. Known occurrences (orange dots) and 
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range in North America. figure S5. Known occurrences (orange dots) and climatic 
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tive and invaded range in Europe. figure S6. Known occurrences (orange dots) and 
climatic suitability estimates for the Christmas berry webworm, Cryptoblabes gnidiella, 
across its native range in Europe and Northern Africa. figure S7. Response curves of 
the two environmental predictors with the highest contributions to the model predic-
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range. figure S8. Response curves of the two environmental predictors with the highest 
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across its native and invaded range. figure S9. Response curves of the two environ-
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Response curves of the two environmental predictors with the highest contributions to 
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